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(1) Motivation

rithm Based LP Quantization (LPQ)
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DNN parameters and use flat accuracy, have increased hardware -
complexity. O

» Why Posits?: Posit-based representations outperform floats in DNN
inference, offering improved dynamic range, higher accuracy, simpler
exception handling and tapered accuracy. But still have complex
hardware. v Also includes a compression loss that drives the optimization to identify lower bit widths.

v A novel global-local contrastive loss, combats overfitting to calibration data and prevents premature
convergence by minimizing representational divergence of intermediate layers.

» Logarithmic Posits: A composite data type that blends the v This combination of fitness function drives the genetic algorithm for layer-wise quantization.
adaptability of posits with the hardware efficiency of LNS.

(2) Logarithmic Posits (LP)
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(6) Co-Design Results
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